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OVERVIEW OF THE PAPER

LA novel scheme that can perform a precise extraction of knowledge from the complex and massive str
eaming of live data of the scene from the crowded place.

LThe prime contribution of the proposed system is to perform enough processing over the raw and unst
ructured distributed data from multiple locations so that processing over distributed storage and mining
can be done with lesser processing time and higher degree of accuracy.

QAN experimental research methodology has been adopted to capture signal using Logitech HD C920 a
nd processed over Intel Xeon E5540 processors with 2 GPbs connectivity.

QThe raw data is subjected to pre-processing, segmentation, scene profiling, in order to get convolved d
ata that are stored in distributive manner using Hadoop and mined using MapReduce.

O The comparative study outcome shows lesser processing time and higher accuracy as compared to ex

isting relevant analytics.



BIG DATA

» Big Data

= Characteristics of Big Data
1) Data Volume

i) Data Variety

1) Data Veracity

iv) Data Volume

v) Value




IMPORTANCE OF BIG DATA ANALYTICS
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Figure 1 Architecture of Big Data Analytics Significant




RELATED WORK

» A unique term called as nomadic computing was found to be illustrated in study of Yu et al. [11] whic
h performs optimization using stochastic approach as well as distributed computing.

» Big data analytics are also found to be studied along with Internet-of-Things (1oT) [12], which has th
e capability to integrate potential feature of knowledge extraction of big data with infrastructure of loT.
» The works done by Stai et al. [13] have incorporated hyperbolic metric approach in order to solve the i

ssue of massive data generation and storage.

» The problems of event detection using sensors and big data analytics were found in the work of Yue et

al. [14].




RELATED WORK

»Big data analytics was also used in investigating crowd behavior [15].

»Vaquero and Cuadrado [16] have applied big data analytics over public cloud to reduce the processing
time to 30%. Health care section has also extensive implication of big data analytics [17].

»However, none of the work till date has been standardized or found to address much on crowd-manag
ement problems, which could be used in extensive field.

»Majority of the existing research work is carried out using offline dataset and not on lively generated

big data.




PROPOSED METHODOLOGY
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Figure 2 Schematic Architecture of SECM



ALGORITHM IMPLEMENTATION OF SECM

Algorithm for SECM
Input: d;. f;. Sp, 8., Cx ' Cy H
Dutput: o
Start
1. ger seg(d,)
2.For (f>1)
3. 5= TIII #UOLYHSS ~[0 1D
4. Spdarge.(S:) = The main purpose of this algorithm is to explore a situ
3. End L . T
_ ation in crowd which is an alarming situation.
6. Apply conveohation, Cp(H=comigt(3:0)
7. iterareit for t-interval = The algorithm considers processing various variables
T.If (Cx=Cy) " .
S sort (Cx) & c=flag (arges(Cs)) e.g. d, (Processed Data), f; (i"" Frame), S, (Scene Profile
7. Else ), S. (Scene Correlation), ¢ (Scene Correlation Function
10.sort (Cy) & a=flag (argz.[/C;))
End ) C,/ C,(Convolved feature of crowd in location x and

y), H (Hadoop / MapReduce), which after processing yi

eld and output of o (alarm).



RESULT DISCUSSION
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RESULT DISCUSSION

No. of Trials Proposed SEC |Dengetal. [18] | Zhuetal. [19]
M
10 87.91 60.87 57.45
20 62.08 82.23 31.02
30 91.48 49.68 32.76
40 82.56 65.97 48.82
50 93.05 71.21 49.28
60 97.74 49.52 67.92
70 64.21 70.91 57.05
80 91.06 68.72 41.65
90 92.97 31.07 51.19
100 81.06 69.01 40.97

Table 1 Comparative Analysis for Accuracy

¢+ The numerical outcomes exhibited in Table 1 shows that pr
oposed system offers 84.412% of accuracy level as compared
to Deng et al. [18] approach (61.919%) and Zhu et al. [19] ap

proach (47.811%).




CONCLUSION

O The contribution of the this research paper are:-

1)An experimentally exercised framework for big data analytics,

11)Cost effective framework as it can be applicable on multiple scenario of implementation,

iii)Lower processing time and higher accuracy over existing research techniques,

iv)Most importantly, it can be applied over live streamed data and not offline data.

LHence, the reliability of the knowledge being extracted can be ensured.

QAlthough, few network factor like delay may exists in lower internet connectivity as we have perform
ed testing only in 2 Gbps connectivity.

However, it may be a secondary problem, as data accuracy is quite higher compared to existing mecha
nism.

QWe will continue our investigation to include more complexities on data and will forward to perform

more sophisticated framework that integrates image processing with Big data approach.
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